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Simulations of interactions between buildings and their
outdoor conditions at multiple scales



Past research in simulations of interactions between one building and its outdoor conditions

Overview of the SCIENCES project

Coupling between detailed building energy models and a data driven urban canopy model for
neighbourhood scale simulations

Impact of interactions between buildings and their outdoor conditions on the calibration of
an urban building energy model

A full grey box model to simulate interactions between buildings and their outdoor
conditions at the city scale



Past research in building energy and urban
microclimate modelling
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Berger, M. (2012). Urban heat-balling-A review of measures on reducing heat in tropical and subtropical cities. Sustainable future energy, 445-451.
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Overview SCIENCES project
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Coupling between detailed building energy models
and a data driven urban canopy model
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Weather simulations
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Calibration of an urban building energy model
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Urban building energy model
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- eSim 2024
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... eSim 2024
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A full grey box model to simulate interactions
between buildings and their outdoor conditions
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Climate risk assessment
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